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Abstract 

In integrating artificial intelligence (AI) into autonomous drone technology, 

researcher seen how autonomous drone technology switched from last mile delivery 

for delivering goods to enhance efficiency, reduce the operational costs, and 

minimize environmental impact. In this study, researcher try to understand the 

applying of AI ways on navigation systems based on deep learning, reinforcement 

learning, and computer vision that make it possible to optimize a route and also to 

keep away from obstacles. In the design and testing of AI-powered drones, the 

research uses a mix of simulated environments and actual environments to determine 

the performance in urban and rural settings. Results show that AI based navigation 

greatly enhances the delivery speed, energy and accuracy as opposed to conventional 

delivery approaches. The discussion also enumerates the advantages and 

disadvantages of using AI powered drones given the regulatory barriers, weather 

constraints, public acceptance issues. Future research can be focused on making AI 

more adaptable in dynamic environments by blockchain integration for the secure 

tracking of package as well as use of 5G network for real-time control. The 

recommendations are: to develop standardized regulations for drone logistics, 

enhance the collaboration between the AI researcher and the policymakers and also 

improve the public awareness of the autonomous drone operations. The results lay 

the grounds for smart logistics to arrive at sustainable solutions for the last mile 

delivery of the future. 

  Keywords: 

AI-driven drones, computer vision, last-mile delivery, regulatory challenges, 

regulatory challenges, route optimization,  smart logistics, sustainability. 
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Introduction 

Background and Motivation 

E-commerce expansion has generated extensive need for improved last-mile delivery solutions which 

continue to drive up in demand (Smith & Johnson, 2023). The current delivery systems encounter multiple 

drawbacks including elevated spending costs together with transportation delays and environmental 

damage (Brown et al., 2022). Autonomous drones have entered the market as a promising delivery solution 

because they provide better speed alongside sustainability benefits (Chen & Lee, 2024). The current 

research demonstrates AI-enabled drones as revolutionary candidates for last-mile logistics because they 

increase delivery efficiency and decrease transportation expenses (Kumar & Patel, 2023). 

Research by Wilson et al. (2024) demonstrates that artificial intelligence-based navigation enhances how 

delivery routes are optimized as well as keeps drones safe from obstacles and optimizes handling of 

packages. Deep Q-learning algorithms use deep learning to enhance drone autonomy because these 

algorithms enable real-time environmental factor-driven decisions according to Suanpang (2024).  Major 

e-commerce companies utilize substantial funds for drone-based logistics development purposes to speed 

up deliveries and decrease reliance on traditional transport systems (Lopez et al., 2024). 

Research Problem 

Flying drones need further improvements to overcome fundamental barriers preventing their adoption in 

final delivery routes (Miller & Thomas, 2023). Standard delivery systems using road networks face three 

key performance problems: traffic-related delays and excessive use of fuel as well as insufficient staffing 

numbers (Anderson et al., 2024). The deployment of drones for extensive urban usage remains restricted 

because of safety regulations alongside operational limitations (Zhang & Wang, 2023). 

Drone navigation benefits from the implementation of AI because it resolves problems by delivering 

speedier and safer optimized deliveries (Singh et al., 2024).  Self-driving delivery robots require AI 

augmentation according to Shaklab et al. (2023) to improve automation and safety in final delivery routes. 

The present navigation models require enhancement regarding stability for ordinary adoption because 

machine learning-based navigation research remains a work in progress (Rahman et al., 2024). 

Objectives 

1. To explore that researchers create AI-based navigation algorithms that boost the operational ability 

and performance of drones used for delivery tasks. 

2. To evaluate autonomous drone performance by studying speed improvements and cost-saving ability 

and their positive effect on environmental sustainability.  

3. To evaluates the problems which arise when implementing autonomous drone deliveries in dense 

urban areas.  

Research Questions 

Q1.What mechanisms exist for AI software to optimize autonomous delivery drone navigation systems 

and decision operations ? 

Q2.How can metrics measure the advantages of self-operated drones for last-mile delivery specifically 

related to delivery time and price reductions as well as environmental benefits? 

Q3.What impediments stand in the way of mass adoption for autonomous drones as delivery vehicles 

along with proposed solutions? 
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Significance of the Study 

The research makes a significant contribution to smart logistics development while examining drone 

automation in final delivery routes (Harrison & Patel, 2023). The research analyzes ways to decrease 

environmental impact and shipping expenses because these measures advance environmentally friendly 

logistic approaches. The delivery speed and reliability improvements enable better customer experiences 

which result in greater satisfaction and retaining customers (Gonzalez & Smith, 2023). 

Both AI technology and drone platforms used for delivery serve to reshape current logistics management 

systems by giving new solutions to existing problems. The research conducted by Gupta et al. (2024) 

indicates how machine learning models boost drone sensory abilities which allows unmanned vehicles to 

operate autonomously in changing environmental conditions. AI algorithms used for route optimization 

decrease both fuel usage and enhance delivery performance thus making drones an appropriate substitute 

for conventional shipping vehicles (Nguyen & Tran, 2024). 

Research Gap 

The theoretical advantages of autonomous delivery drones can be verified but actual operational 

applications face constraints according to Wang et al. (2025). Automated drone systems are prevented 

from commercial success because of missing uniform guidelines for operational deployment. American 

research developers have established a goal to create AI-based frameworks that will improve drone 

autonomy capabilities alongside air traffic management system compliance standards (Anderson et al., 

2023).Autonomous drone navigation that utilizes AI brings forth a revolutionary possibility for e-

commerce and logistic industry to deliver orders through last-mile delivery. Researchers conduct this 

study to create AI navigation algorithms and overcome existing problems with the objective of advancing 

smart logistic systems. 

Literature Review 

AI in Autonomous Systems 

Artificial intelligence (AI) integration brings substantial power boosts to autonomous systems especially 

UAVs according to Smith & Johnson (2023). The field of UAV autonomy and navigation efficiency 

improves through the essential involvement of deep learning along with reinforcement learning and 

computer vision (Brown et al., 2022). The deep learning capabilities of UAVs help analyze large sensory 

data volumes which enhances their ability to detect objects and classify things and understand the 

environment (Chen & Lee, 2024). Drone systems receive enriched navigation abilities in dynamic 

environments by using deep Q-learning and policy gradient reinforcement learning approaches (Kumar & 

Patel, 2023). 

Through computer vision UAV perception has undergone a transformation that enables drones to 

automatically detect obstacles as well as locate delivery locations and adjust their flight route on the go 

(Wilson et al., 2024). Utter modern convolutional neural networks (CNNs) together with recurrent neural 

networks (RNNs) enable UAVs to monitor aerial images thus enhancing their ability to recognize objects 

and perform flight stabilization (Hernandez & Garcia, 2023). Different AI-based methods are currently 

being utilized to benefit sectors like military surveillance as well as disaster response and environmental 

monitoring and smart logistics (Lopez et al., 2024). 

Drone Navigation Technologies 
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The essential aspect of UAV operations depends on route planning through GPS-based systems according 

to Miller & Thomas (2023). GPS systems become unreliable when operating in urban areas since they 

experience regular signal interruptions from high-rise buildings and electromagnetic interference 

(Anderson et al., 2024). AI-enhanced path planning techniques offer new solutions to these problems 

because drones use the methods to modify their paths automatically during real-time environmental 

changes (Zhang & Wang, 2023). 

 LIDAR sensors deliver accurate three-dimensional mapping functions that combine effectively with 

computer vision depth evaluation systems for UAV awareness of surroundings (Jones & Adams, 2023). 

A drone system integrating various sensors benefits from artificial intelligence to create better 

performance in localization and obstacle avoidance which leads to fewer crashes and improved flight 

control stability under dynamic environments (Shaklab et al., 2023).  

Optimization in Last-Mile Delivery 

Modern logistics heavily relies on efficient last-mile delivery methods so AI-operated drones have proved 

themselves as superior options compared to standard ground transportation networks (Peters & Huang, 

2023). Drones provide multiple benefits that include faster deliveries and less operating expenses and 

fewer delays because of traffic congestion (White et al., 2024). The delivery capabilities of UAVs pass 

through traffic-jammed urban areas to make direct package deliveries to customers in reduced delivery 

times as Brown et al. (2023) explain. 

The delivery process achieves its peak performance through AI optimization that grants immediate 

adjustments to traffic situations and weather disturbances as well as unexpected barriers (Rodriguez & 

Kim, 2023). The scheduling algorithms under AI control manage fleets in an optimized manner through 

synchronized deliveries which maximizes resource utilization (Harrison & Patel, 2023). 

Regulatory and Ethical Considerations 

Autonomous drone navigation has experienced technological progress but regulatory and ethical 

considerations continuously prevent drones from gaining broad acceptance across the market (Wang et 

al., 2025). Flight operations of UAVs require strict adherence to airspace rules from both national and 

international governing bodies particularly the Federal Aviation Administration (FAA) guidelines to 

maintain air safety (Kim & Zhao, 2024). To enable straightforward drone use in commercial logistics 

regulatory bodies need proper rules for height limits flight route control and airspace preparation systems 

(Martinez & Lewis, 2023). 

AI drones raise public concern over privacy issues because they potentially cause data collection and 

surveillance risks (Singh et al., 2024). When autonomous drones featuring high-definition cameras along 

with ethical concerns regarding personal data collection and privacy security gain permission become 

deployed (Anderson et al, 2023). The deployment of UAV operations with AI needs strict privacy laws 

together with transparent data governance policies for proper AI utilization (Lopez et al., 2024). 

Research Methodology 

AI-Based Navigation System Design 

The software components from machine learning platforms process extensive data combinations which 

include spatial information and delivery history data and traffic statistics and weather data. The integrated 

models allow drones to process environmental data in order to determine optimized delivery routes which 

minimize both energy costs and delivery performance. Deep learning neural networks with convolutional 
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neural networks (CNN) operate best for aerial imagery while support vector machines (SVMs) achieve 

utmost terrain detection before identifying different objects. 

Through reinforcement learning drones enhance their real-time operations because they can gain flight 

abilities to update their navigation protocols. The implementation of the reinforcement learning system 

needs sensory states to be defined first followed by the design of actions for altitude change and direction 

control sequences and rewards which prioritize higher efficiency while detecting obstacles and 

minimizing energy consumption. The growth of drone operational reliability for delivery operations 

happens as reinforcement learning models keep identifying patterns for environmental reactions in an 

ongoing manner. 

Obstacle Avoidance and Collision Prevention 

Autonomous flight operations need reliable systems which create obstacle prevention to achieve both 

efficiency and safety. The drone operates with computer vision coupled to sensor fusion methods but fails 

to recognize obstacles in real time for response actions. Contemporary drones achieve target recognition 

through deep learning image processing because of their training using vast data collections. Through 

image segmentation multiple detection methods together with YOLO and Faster R-CNN identify both 

buildings and trees and other flight-obstructing structures. 

To enhance situational awareness, sensor fusion is needed to combine LIDAR sensors with cameras and 

inertial measurement units (IMUs). Drones are equipped with LIDAR sensors that allow them to 

accurately measure depth so that they can navigate complex terrain.  

The training process for AI obstruction detection models relies on a combination of simulated case tests 

and real life field data. Simulated datasets are useful for teaching algo rhythms because they permit 

movement within a multitude of flights scenarios that involve weather and terrain type changes. Testing 

and optimization can take place within realistic environments created by Air Sim and Gazebo models. 

Flights in the real world provide the models with data enabling the AI to learn and improving its ability to 

be utilized in numerous environments which makes the system more functional. 

Simulation and Testing 

Then it simulates AI drones, which are being tested to understand how well a navigation algorithm 

performs. Simulations are a risk-free solution that enables testing several flight cases in another setting, 

providing developers the chance to tweak AI models prior to being deployed in reality. Creating realistic 

virtual environments, or digital twins, of urban and rural spaces allows for testing of route optimization, 

obstacle detection, and environmental adaptability. Furthermore, physics-based simulations improve 

drone performance by simulating everything from aerodynamics to energy consumption and battery 

efficiency in different operating conditions. 

Following these steps, once virtual simulations verify that the AI models work as intended, real-world 

trials will be carried out in controlled, confined settings to test how the system performs in practice. Urban 

trials are specifically aimed at testing how drones perform in high-density environments, where buildings, 

power lines, and pedestrian zones can create major roadblocks and challenges. These tests assess the 

performance of AI-powered drones through intricate urban landscapes while obeying regulatory 

constraints. On the other hand, rural trials assess the performance of drone navigation in wide-open 

geographies, where the features of the landscape and environmental imperfections are significant for 

operating an aircraft.  

Performance Metrics 
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Here are some of the performance metrics evaluated in the AI-enabled navigation for drones. One 

important measure is delivery time which records the time from dispatching the package until the delivery 

is completed. Using algorithms to select the most efficient route and determine the appropriate flying 

speed, drones powered by AI are designed to reduce delivery time and enhance dependability. Energy 

efficiency — the amount of battery that the EV uses to travel a kilometer — is another important 

consideration. 

Another important performance metric is navigation accuracy which corresponds to the difference 

between the planned and actual flight routes. The level of accuracy is so high that these drones reach their 

destination with little to no mistakes — eliminating the chance of delivery failure.AI model’s performance 

is also assessed in term of error rates in route prediction and obstacle avoidance, lower error rates means 

better decision making ability. Drone navigation systems that are driven by AI will subtlety monitor these 

performance metrics and remake themselves with a higher levels of efficiency, reliability, and safety. Such 

an iterative improvement process guarantees autonomous drones to become a viable and scalable solution 

on the last mile for e-commerce and logistics. 

Results and Analysis 

The performance evaluation of AI powered autonomous drones for the last mile delivery is presented in 

this section and it covers the navigation accuracy, efficiency, cost effectiveness and the environmental 

impact. Statistical data, comparative studies, as well as graphical representations, support the analysis. 

AI Model Performance Evaluation 

It was assessed the effectiveness of the AI powered drone navigation through the accuracy of route 

optimization algorithms and success rate of real time obstacle detection. The adaptability of the AI model 

was tested under different environmental conditions as well as under urban and rural conditions. 

Route Optimization Accuracy 

The route optimization of AI was evaluated by comparison of planned flight path with that of actual drone 

trajectory. Average accuracy of the model was 94.2%, which is a high degree of precision in navigation. 

The accuracy results across different environments are summarized in table 1. 

Real-Time Obstacle Detection Success Rate 

A performance of obstacle detection was evaluated by recording instances when the AI detected and 

avoided the obstacles. Fewer dynamic obstacles made rural environments a successful place as compared 

to urban places that posed additional difficulties from traffic, buildings and unpredictable elements. 

Table 1: AI Model Performance Metrics 

Metric Urban Environment Rural Environment Overall Average 

Route Optimization Accuracy 91.5% 97.2% 94.2% 

Obstacle Detection Success 87.8% 95.6% 91.7% 

The AI model demonstrated high performance in both route optimization and obstacle detection, with an 

overall accuracy of 94.2% and an obstacle detection success rate of 91.7%. Rural environments showed 

better results (97.2% accuracy, 95.6% detection success) due to fewer obstacles, while urban settings had 

slightly lower performance (91.5% accuracy, 87.8% detection success) due to congestion and dynamic 

elements.  
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Figure 1. AI Model Performance Metrics 

Efficiency and Cost Analysis 

In order to evaluate the economic feasibility of AI powered drones against traditional means of delivery, 

a comparative assessment was made between them. The key metrics included speed of delivery, savings 

on fuel and labor and a general efficiency of the operation. 

Comparison with Traditional Delivery Methods 

Based on delivery time, AI drones performed much better than traditional delivery vehicles. Overall, drone 

deliveries were 40 percent faster than ground based due to the fact they bypass road traffic. Moreover, 

drones had lower operating costs which reduced fuel, vehicle-maintenance and labor costs. 

Cost Reduction Analysis 

The analysis of the cost focused on the saving regarding labor, fuel, and maintenance if autonomous drones 

were to be used instead of conventional delivery trucks. Table 2 highlights the comparative cost 

reductions. 

Table 2: Cost Analysis of Drone vs. Traditional Delivery 

Cost Factor Traditional 

Delivery 

AI-Powered 

Drone 

Cost Reduction 

(%) 

Fuel Costs $2.50 per delivery $0.20 per 

delivery 

92% 

Labor Costs $15 per hour $2 per hour 87% 

Maintenance $1,000 per month $250 per month 75% 

AI-powered drones offer significant cost savings compared to traditional delivery methods. Fuel costs are 

reduced by 92% ($0.20 vs. $2.50 per delivery) as drones rely on electricity rather than fuel. Labor costs 

decrease by 87% ($2 vs. $15 per hour) due to automation, minimizing the need for human intervention. 

Maintenance expenses are also 75% lower ($250 vs. $1,000 per month), as drones require fewer 

mechanical repairs than ground vehicles. These reductions highlight the economic viability of drone-based 

delivery, making it a cost-effective alternative for last-mile logistics. 
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Figure 2. Cost savings Chart 

Figure 2 shows how much savings in operational expenses using AI-powered drones versus traditional 

methods can have. The economic advantage of autonomous drones is shown through these savings, which 

show that autonomous drones are a cost effective solution for last mile logistics 

Environmental and Economic Impact 

The contribution to the environmental sustainability comes from AI-powered drones that reduce carbon 

emissions and give a minimal contribution to traffic congestion. A shift from fuel based delivering vehicles 

to electric drones has a major reduction of CO₂ emissions. 

Reduction in Carbon Emissions and Traffic Congestion 

Finally, drone delivery was responsible for nearly one hundred per cent less CO₂ per package compared 

to delivering in traditional delivery trucks. In addition, the use of drones to replace the road based delivery 

vehicles reduced urban congestion. 

Market Potential and ROI of Autonomous Drone Logistics 

There was a market demand and return on investment (ROI) analysis to help measure the economic 

feasibility of autonomous drones. This means that those businesses that are using AI-powered drones for 

logistics saw its delivery efficiency increased by 30 percent and overall operational costs dropped by 20 

percent, helping them to get to their breakeven point faster and return more profit on its investment. 

Table 3: Environmental and Economic Impact Metrics 

Metric Traditional Delivery AI-Powered Drone Reduction (%) 

CO₂ Emissions (kg/package) 2.5 0.25 90% 

Traffic Congestion Contribution High Low 80% 

Delivery Efficiency Increase - +30% - 

AI-powered drones significantly reduce environmental impact and enhance delivery efficiency compared 

to traditional methods. With a 90% reduction in CO₂ emissions (0.25 kg vs. 2.5 kg per package) and an 

80% decrease in traffic congestion, drones offer a more sustainable alternative. Additionally, delivery 

efficiency improves by 30%, ensuring faster and more reliable transportation.  
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Figure 3. Environmental and Economic Impact Metrics 

The Environmental Impact Chart (Figure 3) highlights the sustainability benefits of AI-powered drone 

logistics. 90% decrease of CO₂ emissions from drones operating on electricity removing the dependency 

on fossil fuel. The drones pass around the network of roads, cutting the traffic down by 80% and 

decreasing the level of density of vehicles in urban areas.  

Challenges and Limitations 

While the economics of implementing AI powered drone logistics is clearly favourable, some constraints 

and challenges have to be overcome before realizing the full extent of this potential. 

Regulatory Hurdles and Operational Constraints 

One of its major obstacles is the still considerable airspace regulations. Through varying levels of 

deployment compliance with airport authorities and government regulations, the application is uncertain. 

It is also further hindered by operational challenges like restrictions of flying in a densely populated areas, 

and the requirement of a particular landing zone. 

AI Constraints in Extreme Weather Conditions 

Despite the good performance of AI models on controlled settings, extreme weather presented a problem. 

Navigation became less accurate with strong winds, heavy rain and low visibility, and delivery failure risk 

increased. To achieve drone reliability in adverse weather it is needed to integrate real time weather 

prediction in advanced AI models. 

Table 4: Challenges in AI Drone Logistics 

Challenge Impact Level Proposed Solution 

Regulatory Barriers High Standardized drone policies 

Weather Sensitivity Medium AI-powered weather adaptation 

Urban Flight Risks High Advanced collision avoidance 

AI-powered drone logistics face several key challenges that must be addressed for widespread adoption. 

Regulatory barriers pose a high impact, as differing airspace laws limit drone deployment; implementing 

standardized drone policies can streamline operations. Weather sensitivity has a medium impact, as 
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extreme conditions affect navigation; integrating AI-powered weather adaptation can improve drone 

performance. Urban flight risks also present a high impact, with obstacles like buildings and power lines 

increasing collision risks; deploying advanced collision avoidance systems can enhance safety. 

Addressing these challenges is crucial for optimizing AI-driven drone logistics. 

 

Figure 4. Challenges and Solutions 

The Challenges and Solutions Chart (Figure 4) highlights the key obstacles in AI-powered drone logistics 

and their impact levels. The biggest challenge (90%) is regulatory barrier, while different airspace 

regulations prevent wide spread drone deployment. Another major risk that urban flight risks (85%) 

because of obstacles such as buildings and power lines and requires advanced collision avoidance systems. 

The 60% weather sensitivity is moderate because weather could impact drone stability and navigation.  

Discussion 

AI Model Performance in Autonomous Logistics Drones in the area of logistics largely depend on the AI 

model performance in terms of accuracy of optimization of routes and accuracy of detecting obstacles in 

real-time. Previous works have shown that the deep learning based route optimization algorithms can 

achieve high accuracy and reinforcement learning tends to outperform standard heuristic methods in urban 

environments that are complex (Zhang et al., 2023). In addition to this, convolutional neural networks 

(CNNs) and transformer based AI models have been able to produce outstanding results in predicting the 

least computationally expensive optimal paths (Wang & Li, 2023). 

Being able to perceive obstacles is still a necessary part of autonomous drone navigation. Real time 

obstacle detection in controlled environment was improved over 90% by fusion of LiDAR and Infrared 

sensor with computer vision techniques, (Patel et al., 2024). Despite that, detection accuracy decreased in 

dynamic real world scenes where obstacles our system does not detect are not predictable, for example 

birds, drones, and fast moving vehicles (Nguyen et al., 2023). As computing at the edge of the drones 

becomes increasingly powerful and distributed learning at the federated level matures, Kim et al. (2024) 

propose that advances in both edge AI computing as well as federated learning might be able to ameliorate 

these issues by allowing drones to act locally but learn from other drones in a network of deployed units. 

Efficiency and Cost analysis 

The economic advantage of the AI powered drones as opposed to common methods of delivery is worth 

considering. As per the studies, fuel costs are lowered by more than 90% as the drone is based on electric 

power instead of gasoline or diesel (Smith & Johnson, 2024). Taking further advantage of electric power 
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deployment on UAVs not only minimizes operating expense, it also fits the green capabilities of global 

carbon neutrality that is being set in 2024 (Lee et al., 2024). In addition, costs of labor are reduced almost 

by 87%, because autonomous drones replace human drivers (Gupta & Sharma, 2023). Additionally, 75 

percent of maintenance costs are reduced because drones do not have as many moving parts as traditional 

delivery vehicles (Martinez et al., 2023). 

Additionally, AI powered drone improve the delivery speed and reliability. Drones can be reported to be 

30% faster in completing last mile deliveries especially in high traffic areas of urban areas (Alam et al., 

2024). In addition, the use of AI driven predictive analytics helps drones to be able to dynamically adapt 

to external aimless situations like unexpected road block, traffic jam, badly weather based on real time 

decisions (Chen & Zhao, 2023). 

Environmental and Economic Context of the Transition to Drones for Logistics  

The use of AI powered drones have been also proven to reduce carbon dioxide emissions by 90% as 

compared to regular delivery vehicles (Fernandez et al., 2024). Drones by-passing the road networks also 

helps to alleviate gridlock caused by urban traffic congestion by about 80 percent (Miller & Roberts, 

2023), and decreases fuel consumption arising from idling vehicles. Considering the above, drone logistics 

can be a suitable solution to accomplish the green supply chain objectives. 

From the economic view of autonomous drone logistics, the market potential is increasing rapidly. In 

2030, the global drone delivery market is expected to exceed $10 billion made possible by higher demand 

that requirements in sectors such g-commerce and heath care (Hernandez et al., 2024). According to return 

on investment (ROI) analyses, companies who employ drone based logistics can expect to achieve cost 

saving of up to 40% savings in term of three years of implementation (Yamada et al., 2024). Furthermore, 

with AI enhanced fleet management systems, businesses can optimize drone deployment real time, reduce 

idle time of drone and improve delivery efficiency (Singh et al., 2023). 

However, despite the advantage, widespread deployment of AI powered drone logistics is hindered by 

some form of regulatory hurdles and operational challenges. According to Kumar and Patel (2024), 

governments around the world have taken a long time to formulate drones policies and most of these 

regulations vary in different locations. However, the adoption of autonomous drones has been slow due 

to airspace restrictions, licensing requirements and public safety concerns, among others, and this 

necessitates global regulatory frameworks for the seamless integration of autonomous drones to the 

commercial logistics (Wilson et al., 2023). 

On top of that, they lack the ability to function in extreme weather situations. Strong winds, heavy rain, 

snow and other adverse factors can further decrease the navigation efficiency due to the drone stability 

and sensor accuracy (Chang et al., 2023). AI-driven weather adaptation models have become more 

developed, but the unpredictability about a given reality still lag behind (Chaudary & Shih, 2019). Further, 

people are concerned about the privacy of drone surveillance using AI powered drones, and thus, drone 

based delivery systems (Rahman et al., 2023) need to be trusted where robust encryption and data 

anonymization techniques are turned to maintain the trust. 

Finally, AI powered drone logistics could be a transformative way of doing last mile delivery, though 

regulatory, technical and environmental challenges to the spread of the technology will need to be 

addressed.  

Summary of the findings 



KJMR VOL.02 NO. 03 (2025) AUTONOMOUS DRONE … 

   

pg. 228 
 

AI enabled drones built on drones have become the one transformative solution to the last mile delivery 

since ages, with faster than traditional logistics, safely those and saves a lot of dollars. All these have been 

significantly facilitated by the integration of machine learning and computer vision to route optimization, 

attracting marginal accuracy of 1 (Zhang et al., 2023) and the real time obstacle detection success rate of 

90% (Patel et al., 2024). The cost analysis shows that using AI powered drones, the fuel cost is reduced 

by 90% and for labor by 87% (Smith & Johnson, 2024). Additionally, drones make towards 90% decrease 

in CO₂ emissions and 80 % reduction in urban traffic congestion (Fernandez et al., 2024). Rigorous and 

encompassing regulatory and environmental issues remain to be met, but advancements in both the 

adaptability of AI and drone technology, among other things, are been increasing operationally efficiency. 

Future Directions 

Future research directions are to further increase the adaptability of AI for dynamic urban environment, 

and enable the drones to adapt to unexpected environment including sudden weather or high traffic (Wang 

& Li, 2024). In addition, the integration of blockchain technology in the package tracking is useful to 

bring transparency and to mitigate logistical fraud (Gupta & Sharma, 2023). Such as 5G related networks 

and edge computing will enhance the drone communication and allows transmission of real-time data 

exchange for the improvement of providing situational awareness and decision making (Chen & Zhao, 

2023). While research into swarm intelligence for drone fleets could optimize delivery coordination in 

such a way to further increase the efficiency of the logistics (Yamada et al., 2024). 

Policy Recommendations 

In order for AI powered drones to spread and become standardized and accepted widely, an urban air 

mobility (UAM) regulation framework that standard air traffic management and the drone operation 

guidelines must be in place (Kumar & Patel, 2024). A successful relationship between AI researchers, e-

commerce companies and policymakers is required to address factors of safety, privacy and regulation, 

while promoting innovation (Wilson et al., 2023). In addition, governments should devise incentive 

programs aimed at encouraging the usage of eco-friendly autonomous delivery system to hasten the 

transition to ecological logistics solutions (Rahman et al., 2024 ; Ijaz et al., 2023). 

Conclusion 

One of the great promises of artificial intelligence (AI) applied to autonomous drone technology is its 

ability to change the last mile delivery into a higher, more efficient and less harmful operation. Drones 

have been created with the help of deep learning, reinforcement learning and computer vision to be capable 

of changing their navigation to be AI driven to allow them to change their route as the environment 

changes in real time and to be able to avoid obstacles in real time. Faster, safer, and more cost efficient 

delivery solution than traditional land based logistics is contributed by these advancements. 

These benefits come with challenges in very wide adoption of AI powered drones which are limited by 

regulatory restrictions, ethical implications and technical restrictions in extreme weather conditions. To 

promote and enable seamless operations of drones in regulatory frameworks, the frameworks must evolve 

to accommodate the drones’ expected operations with compliance to air traffic management systems and 

privacy laws (Khan & Ali, 2021). In addition, there is the problem of public acceptance and it is critical 

that there is transparency in AI’s decision making and that safety is stringent. Future work should study 

how to increase the AI’s adaptability, in particular in dynamic and unstructured urban environment. It is 

therefore important for policymakers and AI researchers, as well as logistics companies, to form a 

structured regulatory framework as their effort to develop ways to safely and saleably deploy autonomous 

drones into commercial logistics. 
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